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o Inthecases;=s, r® = (... 1)
@ We recover the model of Katona and Sarvary
(Marketing Science, 2009).
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And now for something...

...surprisingly different.
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The Model Entrapping Sticky Content

Remarks

oInthecases; =1, rO = (1 .. Lyand M =M.
@ We again recover the model of Katona and
Sarvary (2009) as a special case.

@ However, we do not recover any other cases of the
attracting content model.
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We have - > 0.
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Key Result

If s* is site i's optimal level of entrapping sticky
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Proposition

Q s’ is well-defined when R; <
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Key Result

If s* is site i's optimal level of entrapping sticky
content and R; := Zj_”. m (r; = lim o rj(t))

Proposition
Q s’ is well-defined when R; <
© For any i such that R; < (d7 "5 )2, we have > 0.

dput2 6_*
Q AsR;H%, Wehave%—>0.
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Results Entrapping Sticky Content

Key Result

If s* is site i's optimal level of entrapping sticky

T /i T ()
content and R; := Zj_),- S(@Ts) (r =limeoo ;")

Proposition
For R; < (G Om) sufficiently large, site i would prefer not

to have entrapp/ng sticky content.

@ This is different from the result for attracting content!

@ But notice that this is an ex post comparative static....
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Results Entrapping Sticky Content

Key Result

If s* is site i's optimal level of entrapping sticky

T /i T ()
content and R; := Zj_),- S(@Ts) (r =limeoo ;")

Proposition
For R; < (G Om) sufficiently large, site i would prefer not

to have entrapp/ng sticky content.

@ This implies endogenous business model specialization

@ Entrapping content <= Little inlink traffic
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Possible Extensions

@ What about consumers?

@ Effects on Price Levels

ion 297
e Can we sign ol

@ Reference Links
o Addressed briefly by Katona and Sarvary (2009)

@ Non-commercial sites?

o Update the Wikipedia page?
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Conclusion QED

Questions?

kominers@fas.harvard.edu
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